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x  model inputs 
θ  model parameters          
y  model output 
ɛD  measurement noise 
ɛmf   model form error 
yD  measurement data 
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f1  Coarse mesh solution 
f2  Median mesh solution 
f3  Fine mesh solution 
r  Mesh refinement ratio (>1) 
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                  Model (Gives conditional probability) 
 

• Generalized Polynomial Chaos (gPC) surrogate 
models (generated based on coarse grain beam 
simulation) 
 

 
                  Variable 
 
• Variable to be calibrated (Green) 
• Variable to be predicted (Red) 
 
                
                   Experimental data 
 
•Pull-in voltage measurement 
• 400 μm fixed-fixed beam 
• 500 μm fixed-fixed beam 
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